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Abstract

The paper considers studying the perception and effectiveness of media content in the
Russian-language social networks, analyzing the causes that affect the perception and
distribution of network content. The material used was the database of the Russian
social network VKontakte. A cross-disciplinary multimodal approach and psycholin-
guistic analysis were used. The study revealed that the perception of content, the suc-
cess of posts (the maximum number of likes, reposts, comments, the achievement of
the author’s communicative goal - transferring users’ actions from online to offline
mode) ensure a source of distribution (the symbolic capital of the author increases
the significance of the text when it is perceived by the network community), the use
of features of the current communicative situation and the accuracy of the imperative
strategy.

Keywords: social media, speech perception, digital content, semantic role.

1. Introduction

The importance of language learning and communication in Russian-language social net-
works, and problems of content effectiveness is determined by the growth in the num-
ber and activity of Runet users. Thus, in September 2018, the audience of the Runet
amounted to 1 773 385 284 users (according to Livelnternet). Data illustrating the
statistics for October and November are presented in Table 1.

! The work was carried out within the framework of the RFBR project «The structure and content
of ideas about a person, state, power in the linguistic consciousness of Russian speakers (Republic of
Crimeal» (19-012-00295 A
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Table 1
Main indicators of Runet sites traffic

Social network Authors Authors Messages
Browsing 2277 233933 2334978 477 2334523 B14
Sessions 424100 001 411191791 407 634 892
Visitors 149 451 614 149 936 458 147 830 604
Average online 1194 984 881 392 1194 555
Average active 573 665 633563 710 352
online
Avgrage duration 5.6 5.9 59
(min.)
Views per visitor 15 16 16

The most popular Russian-language resource VKontakte (see Table [2) views
itself as a platform designed to bring people, services and companies to-
gether by creating simple and convenient communication tools. Technical
and communication features of the resource indicate it is in high|{demand
among users: 97 million users per month; 6.5 billion messages|per day;
1 billion «likes» per day; 77% users of mobile platforms; 500 milljon video
views per day; 86 language versions (see https://vk.com/about).

Table 2
Statistics for social networks (January 2018)
Social network Authors Messages

VKontakte 26 633778 410168 754

Instagram 10396 161 89 995 624

Facebook 1824 256 53 266 232

Twitter 1010 690 41184 629

My world (my.mail.ru) 66 957 4336 042

LiveJournal 59523 3387579
(https://br-nalyt-ics.ru/statistics/author?hub_id=16048anddate=201708andc
ountry_id=20andperiod_type=mont)

With the expansion of the virtual space, transformations began to occur in the
functioning of speech structures that are caused by the need fo adapt
to new communicative conditions. M. Martin believes that the «new lan-
guage» was formed in the Internet in order to compensate for|the lack
of non-verbal and paraverbal means of communication [1]. Indeed, web-
communication formats that replace spoken language communigation to
some extent, even if there are auditory components, should compensate
for the lack of information that is transmitted using paraverbal, mimic,
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pantomimic, proxemic means. In addition, the virtual space imposes additional spe-
cific modes on a specific communicative situation. Convergence and multidimension-
ality of online communications require a cross-disciplinary approach, mixed methods
that are used in many studies that represent various aspects of interaction injthe web
environment [2-6].

There is already an extensive research tradition revealed in analysis of content and hetwork
interactions. In particular, the specifics of communicative processes in sogial net-
works, the impact on political and social processes were studied in [7-10].

Recently, analysis of network communications has been presented by research in the field
of multimodal dynamic networks [11], as well as bimodal and three-modal networks
[12-14]. One-modal «friend-friend» communications are of little interest for resegrchers.

Research in a multimodal perspective has become widespread in recent decades [15+17]. Itis
a multimodal approach that seems to be the most adequate in analyzing network con-
tent, since it allows conversion of data and information coming through various channels.

Analysis of the media space as a multimodal sphere is also becoming increasinglly wide-
spread in various studies [18-19]. Meanwhile, it is difficult to disagree with the opinion of
D. Crystal, that, whatever the culture of the Internet, it is still largely based on texts [20].

The problem of content evaluation remains the most important task, both for edugational,
and scientific, social, public and other purposes. Today, there are two approaches to
solving this problem: using technical resources and direct perception by a hurmman and
expert evaluation. In particular, automatic text evaluation becomes quite popular in
evaluation of L2 written works when teaching a foreign language and testing a large
number of students [21-24]. Thus, the Coh-Metrix program was widely spread and
positively rated by experts, although researchers note a number of other problems
associated with its use [24-25].

An important criterion of adequacy and objectivity is the comparison of the results gbtained
using software and direct human participation, for example, from professional{experts
(see, for example, [26]. It is the contamination of these two approaches, the compari-
son of the results obtained by automatic means and with the direct participation of the
human, using analytical procedures that seems to be the most correct solutign to the
problem of identifying the accuracy and adequacy of the content evaluation.

One should focus on the issue of content effectiveness. Today, a sufficient amount of re-
search confirms that computer models using digital footprints of people arecapable
of diagnosing a person’s character with a high degree of accuracy. Thus, predictive
analytics based on the construction of psychological portraits and behavior models of
actors are presented in [27]. Researchers consider the «like» to be a universal digital
footprint [27-29]. In addition, reposts and comments are also bright markerg of high
demand for particular content in a network environment.

Thus, within the framework of this study, the following indicators will be considered|as indi-
cators of the effectiveness and relevance of (demand for) network content: the|number
of likes, reposts, and comments as well as the achievement of a communicative goal
(in this case: switching from online to offline communication, organizing an opjposition
meeting).
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P. 7.1.3. By posting on the Site his/her lawfully owned Content, the User d

2. Identification of causes affecting the perception and distribution of

network content

The goal of this study is to identify the causes that affect the percep
distribution of network content.

Research questions are:
e  What determines the perception of network content by actors?
e  Whatinfluences the effectiveness of network content?

e What content is most popular in a network environment and att
attention of users?

The material for the study was the database of the social network
te (March 2017) associated with opposition meetings that took
March 26 under the conventional name «On vam ne Dimon»/«
Dimon for you» (#DimonOtvetit/#Dimon will take responsibility).
tests were caused by the distribution of the investigative film by A,
in the network about the activities of Prime Minister Dmitry Medy

. content of involved actors — n 43 712,

. content of active actors - n 15021,

o relevant posts - n 23 602,

. number of words - n 470 893,

. number of characters - n 3 569 442.

The content is used on the basis of the rules of VKontakte? specified in
as well as art. 1274 of the civil code.

2.1. Research method

tion and

racts the

Kontak-

place on
He's not
The pro-

Navalny
edev.

p.7.1.3.,

The study involved a cross-disciplinary multimodal approach. Content gnalysis,
semantic and psycholinguistic analysis were also used to correctly inter-

pret the perception of the content.

Formal analysis was performed in stages, combining quantitative and
tive methods of analysis.

2

other Users a non-exclusive right to use it in the framework of the functiona
by the Site by viewing, reproducing (including copying) and other rights excly
the purpose of personal non-commercial use, except where such use infringg
infringe the right owner’s interests protected by law.
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2.1.1. Procedures
The sequence of actions during the analysis corresponded to the following algorith

|. Selection of users involved in the semantic field «On vam ne Dimon»/«
Dimon for you» (#DimonOtvetit/#Dimon will take responsibility).

[.1. Selection of active actors that generate content within the framewor
semantic field.

I.2  Analysis of communicative network actions and digital footprints ¢
actors.

II. Content analysis.

[I.1. Identification of a common network of concepts characterizing th
collected database, and the thematic structure of the analyzed conter
TextAnalyst 2.0 and Automap).

[I.2. Allocation of two types of posts: database 1 with the maximum nu
digital footprints; and database 2 with zero indicators of digital fog
Both groups were analyzed using TextAnalyst2.0.

[1.3. Analysis of the two groups using the method of semantic differential.

At the stage of content research, the semantic network common for the whole
and the thematic structure of the analyzed content extracted from the netwqg
formed using the TextAnalyst program.

The list of the most significant notions and concepts (having the highest rank] bea
main meaning (semantic load) obtained from the semantic network, made it
to determine the core of information, the semantic accents most important fo

The identification of the thematic structure of the selected network content mads
sible to describe the content in the form of a hierarchy of related topics and su
that reflect the basic concepts and correspond to the nodes of the network
The tools used allowed creation of a hierarchical thematic structure, identifig
the basic topic and revelation of the relationships with sub-topics that forn
level semantic networks.

In addition, the content was analyzed regarding the connectivity of the subject tre
clusters that emerged as a result of changing the threshold for the weight of 1

identified. Such analysis of the collected dataset allowed analyzing the structu
consolidated media text in various sections and at various levels of semantic

2.1.2. Tools
TextAnalyst 2.0 is system for automatic semantic text analysis. The TextAnalyst t

ogy is intended for the automatic statistical formation of a homogeneous |
tive] semantic network of text (which is a semantic portrait of the text] de
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a certain situation. The semantic network is a graph, where the set of
vertices corresponds to the concepts of the text, and the arcs conrespond
to the relationships of these concepts in the text. Both the vertices and the
arcs of the network have weight characteristics reflecting the ranks of the
concepts and their relationships in the text.

Such a semantic portrait makes it possible to reveal the semantic core of the
text, which characterizes the situation described in the text to the fullest
extent.

The formed semantic network of the text can be used to identify the thematic
structure of the text. The minimal tree-like sub-graph of the gemantic
network obtained from it by breaking weak relationships and revepling the
most significant vertex is the table of contents of the text charatterizing
its sections with regard to correlating interconnected parents and|children
of various levels.

The semantic network of the text is formed in several steps. (1) At the f|rst step,
information that generates information noise is removed from the text:
stop words, service words and common words are removed; lemmatiza-
tion is performed, which makes the subsequent analysis sustainable. (2)
At the second step, a frequency network of the text is formed by com-
bining the word pairs found in the sentences of the text into chains. The
frequency of occurrence of words in the text in this network characterizes
the weights of the vertices, and the frequency of occurrence of word pairs
in the sentences of the text characterizes the weights of the ar¢s. (3] At
the third step, the weights characteristics of the vertices are recalculated
using an iterative procedure, taking into account the connectivity of the
vertices in the network. The vertices associated with a large number of
vertices with large weights receive a greater weight compared [to other
vertices.

Thus, this re-ranking of vertices takes into account the connectivity pf words
in the text to a depth of n steps, where n corresponds to the nymber of
iterations in the re-ranking procedure [(in the TextAnalyst program, n =
10). Accounting for word relationships in the text to a depth of n steps dis-
tinguishes the algorithm for constructing a subject tree from algorithms
for thematic modeling, which uses the so-called mono-gram model of
text (bag-of-words), in which words are considered as non-related to each
other in the text.

Automap is a text mining tool that allows extraction of information using net-
work analysis methods; it supports the extraction of several types of data

from unstructured documents.

Gephi [algorithm Force Atlas 2] is software for visualizing network stfuctures
[30].

Tableau is a platform for creating visual analytics, or interactive data visualization.
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2.2. Results and discussions
meeting were identified. Those involved in the linguistic mode were ana
verbal content collected by the hashtags #dimonotvetit containing the
field.
Verbal content analysis scheme
1. Identification and analysis of the semantic field.
1.1. Explicit means of expressing intentions, evaluations, opinions.
1.2. Direct means of influence (effect, persuasion).
1.2.1. Spelling and graphic tools.
1.2.2. Speech tools:
1.2.2.1. Phonetic.
1.2.2.2. Lexical.
1.2.2.3. Morphological.
1.2.2.4. Syntactic.
1.2.2.5. Stylistic.
1.3. Implicit expression of intention, evaluation, opinion:
1.3.1. Spelling and graphic tools.
1.3.2. Speech tools:
1.3.2.1. Lexical.
1.3.2.2. Morphological.
1.3.2.3. Syntactic.
1.3.2.4. Stylistic.
1.3.3. Rhetorical means.
1.3.4. Speech means of influence.

1.3.5. Associative links.

[. At the first stage of the study, all users who showed interest in the opaosition%

yzed by
original

author’s content and user content about active actors within the specified semantic

103
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The results of data collection, analysis and clustering of the involved Users are
presented as visualization (fig. 1).

Fig. 1. Involved users who reacted to the March 2|6 meeting

The algorithm of clustering the graph vertices was performed according to [31].
The analysis used only the content generated by real users. The [artificial
entities were revealed using a profile analysis: no friends, no orl a small
amount of visual data (photo without a particular user’s face), ho posts
from other users with links to the actor, activity only during certain periods
corresponding to significant time periods associated with political events,
as well as belonging to already known botnets. In the course of the study,
the SocialDataHub technology was used, which made it possible|to auto-
matically analyze the profile in the social network.

[.1. Further, an analysis was performed that allowed identification of active ac-
tors who generated some content within this semantic field and who took
direct part in protest events. The analysis was performed using|a verbal
mode (author’s content) and a visual mode - according to the datq of static
visual materials using the SocialDataHub algorithm, which proyides an
accuracy of up to 85%.

Analysis of the main characteristics of the actors and the three clusters of par-
ticipants by objectives.

[.2. The analysis of communicative network actions made it possible to identify
and rank the digital footprints of active actors for further research.

The communicative network behavior was analyzed according to the following
scheme:

1. The number of «likes».

2. The number of posts on a relevant topic.
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3. Communicative resources:
3.2. Preferred strategies [ritual, persuasive, imperative, provocative).
3.3. Tactics of direct communicative impact.
3.4. Tactics of indirect communicative impact.

4. Number of reposts on the relevant topic.

5. Number of comments.

6. Number of links.

7. Number and characteristics of groups.

8. Number of messages.

9. Integrated communication resources of indirect influence.

The results are presented in fig. 2.

Taue

Reposts
Comments
Likes

Fig. 2. Ratio of digital footprints (likes, reposts, comments)
[I. Content analysis.

[1.1. At the initial step of the content research, frequency concepts, a gommon
network of motions that characterize the entire collected database, |and the
thematic structure of the analyzed content were identified (see Fig. 3)

It is natural that the entire information hierarchy in this content belongs to a singlle topic,
has the appearance of a tree with a single root: «DimonOQOtvetit». The maximum weight:
of the notion (100) was found for the following nominations: DimonQtvetit/Medvedev/
Dimon/OnVamNeDimon/OnNamNeDimon (Dimon will take responsibility/Medvedev/
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Dimon/He’s not Dimon for you/He's not Dimon for us), meeting
against corruption, Russia/country, Tverskaya, cities, detained.

2000
1800
1600
1400
1200
1000
800
600
400
200
0
Frequency Relative frequency
within text

Anekceii/Anekces/Anekceem

M ABTO3aK/aTo3aKun/aBTo3aKe

M /aBTO3aKOB/aBTO3aKa/aBTO3aKy

Bopbba/6opbbe

AHTUKOPPYNLUAOHHOM

Fig. 3. Frequenc]

The maximum relationship weight for the concept of corruption in the
database was assigned to the following nominations: meetings
corruption (74), cities (45), Medvedev (42)/Dimon (38), country (41

The analysis of the thematic structure of the collected content reflects
content of the integrated media texts associated with meetingg
corruption throughout the country, and the persona of an official
top government echelons who provoked public outrage and s
a catalyst for the protest movement.

I1.2. In accordance with the selected criteria for the effectiveness and
for the content, the posts were ranked by the number of digital fo

[1.2.1. Further, media texts were identified, which caused the
resonance in the network environment (dataset 1).
Features of dataset 1:
memory size - 98 KB;
number of posts - 40;
number of words - 2 226;
number of characters - 16 031;
number of likes - 52 040;
number of comments - 7 295;
number of reposts - 3 813.

As well as media texts that did not cause any reaction at all from the
community (dataset 2).
Features of dataset 2:
memory size - 97 KB;
number of posts - 119;
number of words - 1 830;
number of characters — 14 763;
number of likes -0;
number of comments - 0;
number of reposts - 0.

protest

W Bnactb/Bnactv/snactamu/Bnactsio

B AKUMM/aKkuma/akumuin/akumax akuii

W AHTUKOPPYNUMOHHbIN/ AHTUKOPPYNLMOHHOTO/
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).
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messages.

personalized; the attention of users is concentrated on the political leader W
the virtual electorate.

Curiously, semantic network 2 represents a wider set of information clusters.

the opposition leader, but also represent the organization (ACF, Anti-Corruptig
on the reaction of the authorities, negative attitude to the media information po

The thematic structure of dataset 1 [meeting - 100] is not to be inferior regarding
2 [meetings - 100; fire extinguisher - 99).

The associative networks with a nuclear nomination «Meeting» identified in the m

be noted that the associative search against the base of dataset 1 revealed

npoTuB
KOpPYNLn
MWTUHIU NPOTUB
KOppYnunn
MWUTWHT B
3dvpe
DaHuna
OumoHOTBETAT MWTKHI B
PernoHax u Anekcein
Mockee
Poccun
Koppynuua OCBeLLaTCa
MUTKMHIA

Fig. 4. Associative search against the base of dataset 1

[1.3. At the final stage of the study, the perception of content was tested with th
participation of the subjects using the semantic differential method. The focu
consisted of 20 participants (aged 20-25, 60% females, 40% males). The rest
showed no significant discrepancy in the perception of database 1 and databas
Fig. 6).

I1.2.2. The construction of the semantic networks for both datasets made it possible
to reveal the most significant information emphasized by the authors of the

In semantic network 1, the notions referring to the initiator of protest movements have the
greatest weight. The center of the semantic network, the relevant information are

ho initi-

ated the meetings, who becomes the undisputed leader of opinions, greatly expanding

Notions

characterizing the causes for the protest meetings have the maximum weight. The
center of the semantic network, the relevant information are not only connected with

n Foun-

dation), which conducted the anti-corruption investigation; the semantic focus is also

licy, etc.

dataset

aterials

of the 1st and 2nd datasets are generally identical (see fig. 4, 5]. Meanwhile, it should

a great

significance of the effect of covering the meetings held, their territorial distribution,
detentions, etc.

{

e direct
s group
lts also .
e 2 (see
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HUNEME O MATHHEaX
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Fig. 5. Associative search against the base of dataset 2
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&

—8—Pagl —@=—Pap2
Fig. 6. Results obtained using the semantic differenti
Thus, the semantic and linguostylistic characteristics of database 1 a
base 2 are almost the same, in contrast to the characteristics of
effectiveness, which oppose the two data clusters as the most
and the less effective ones.

3. Conclusion

The results of the study suggest that the perception and effectivenes
work content is determined by a complex of causes.

The effectiveness of the content, the degree of reaction of the netwd
munity depends on the level of symbolic capital of the source of

al method
nd data-

network
effective

5 of net-

rk com-
content
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distribution, taking into account the characteristics of the communicative s
and the success of the imperative strategy used.

The significance of network content is determined, first of all, by the actor, who i
nized as the author of a particular message. The charisma of the opposition
as well as the circle of his/her companions who distributed the content tf
stitutes database 1, played a large role in the intensity of information wa
demand for content generated by the leader of opinions (including a clos
of actors) and the success of posts [the maximum number of likes, repost
ments) provide in many respects the actor’s symbolic capital, which in
the significance of the text when it is perceived by the network communit
base 2 was generated by ordinary users of the network with a small s
capital.

The content generated by the actor with the greatest symbolic capital is the most
in the network environment, attracting the attention of users. Of course, it
be noted that this provision is true to a greater extent in a certain segmer
network environment and the circle of actors who are influenced by a certain
leader.

The selection of adequate communication tools, the successful solution of topic
makes it possible for the opinion leader to actively influence public opinio
network and destroy the boundaries of online and offline communications, t
virtual intentions into real actions. Protests against corruption on March 26, 2
cording to official data, involved 70 000 people (unofficial data suggest a muc
figure) in 100 cities of Russia.

Content identified and analyzed in the course of the research can be characterize
plementing an imperative strategy aimed at the irrational sphere and has
emotional charge.

This communication strategy corresponded to the acute need in the Russian societ
cially for young people) of social justice, a great protest potential of a destruct
In particular, despite the clear message of the action (#Dimon will take resp
ity), the protest was mostly of an undifferentiated nature («Enough!»).

The main characteristics of the addressee [(active actors] were also taken i
count when implemented in the content: the social inactivity of the actors
bined with pragmatism, the desire for comfort and sustainable well-being
must be provided by external forces and not by the participants themselves
dition, one should highlight the craving for personal fulfillment, hypert
self-esteem, and egocentrism against the background of general diss
tion. It is indicative that the priorities of the participants of this protest ac
in the sphere of hobby (music, cinema, technical innovations, etc.] and
(cybersport).

Another important feature is the desire for gamification, which is becoming the
communicative trend. One can talk about gamification as a type of linguis
sciousness [shoe tossing - a symbol that Alexey Navalny took from the film «
dog», toy ducks, behavior with special police forces). In a media text, this is ex
in sarcastic tonality and postmodern discourse.
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It ca

n be assumed that the growth of the protest potential in this situati
sociated more with the effective work of the Navalny team with
group of actors, and not with sustained political activity.

Regarding the motivation of the protest media content actors, the f

To a

can be concluded: analysis of the data indicates a lack of stab
cal preferences and a wide range of political views of the actors,
explicit support of Navalny’s position was expressed only by the y
actors who make up the cluster «neophytes» [newcomers). «ldé
activists» and «hedonists» expressed a wide range of assessme
indifference to disapproval, disappointment and sarcasm toward
position leader.

certain degree, this situation can be explained by the lack of a

agenda. In addition to the anti-corruption pathos, the meeting parj
were united by a negative attitude towards the federal media, a
interpretation of corruption, and a reflection on the formed op
«youth vs power».

It should be concluded that the perception of content in the networ

depends on the actor, who is identified as the author of the mes
proportion to the volume of his/her symbolic capital and the d
influence as a leader of opinions, on the relevance of the currg
municative situation presented in the network environment an
effectiveness of the imperative strategy.
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